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Å X. Qiang, Z. Chang and G. Min, "AIGC- Assisted Federated Learning for Vehicular Edge Intelligence: Vehicle Selection, Resource Al location and Model Augmentation," in IEEE 
Transactions on Mobile Computing , vol. 24, no. 11, pp. 11896- 11909, Nov. 2025, doi: 10.1109/TMC.2025.3581983.

Å X. Qiang, Z. Chang and Y.- C. Liang, "AIGC- assisted Federated Learning for Edge Intelligence: Architecture Design, Research Challenges and Future Directions," arXiv preprint 
arXiv:2503.20166, 2025.
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Å X. Qiang, Z. Chang and G. Min, "AIGC -Assisted Federated Learning for Vehicular Edge Intelligence: Vehicle Selection, Resource Al location and Model 
Augmentation," in IEEE Transactions on Mobile Computing, vol. 24, no. 11, pp. 11896 -11909, Nov. 2025, doi : 10.1109/TMC.2025.3581983.

Å X. Qiang, Z. Chang and Y. -C. Liang, "AIGC -assisted Federated Learning for Edge Intelligence: Architecture Design, Research Chall enges and Future 
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Å X. Qiang, Z. Chang, C. Ye, T. Hämäläinen and G. Min, "Split Federated Learning Empowered Vehicular Edge Intelligence: Concept, Adaptive Design, and Future 
Directions," IEEE Wireless Communications, vol. 32, no. 4, pp. 90- 97, Aug.2025.
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Journal, vol. 12, no. 5, pp. 4591 -4604, 1 Mar. 1, 2025.

Å X. Qiang, Z. Chang, C. Ye, T. Hämäläinen and G. Min, "Split Federated Learning Empowered Vehicular Edge Intelligence: Concept , Adaptive Design, and 
Future Directions," IEEE Wireless Communications, vol. 32, no. 4, pp. 90 -97, Aug.2025.
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Learning." IEEE Transaction on Mobile Computing, 2026, arXiv preprint arXiv:2504.09114 
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ẓ ᶍצ ⁴ᶙ֜︢ẘј Ӡấ–ị
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ҷצ ←ᾁᾊ֪ῷ ᾈỖ ֪ῷ їᵂҷצ ←ḽ₦Ӂ

SFLAM ẓᶍ ⁴ᶙ ј ấ εῑᾇὝ ⁴ᶙ ᾇ♆
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⁴ᶙ ᾇ♆ᾶ ᶬẵ ấ ᾶ ӈӁ

(a) CIFAR-10 (b) CIFAR-100 (c) ImageNet-100 

Dir(0.3)

Dir(0.5)

ÅX. Qiang, H. Liu, X. Zhang, Z. Chang, Y. C. Liang, "Deploying Large AI Models on Resource -Limited Devices with Split Federated L earning." IEEE 
Transaction on Mobile Computing, 2026, arXiv preprint arXiv:2504.09114 .
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6Gјᶼ⁴ᶙỈ /ὕⱣḄӌ ᴿψῡ

ԒḲ4σҮז ײіַח ѱỖּרToken Ἤῡֹ

ᶡ҇attention ῡַֹײ

bit ָ ѱַײҼ ẩ ᴩ

Å X. Qiang, Z. Chang and G. Min, "Semantic- aware Token Selection and Resource Optimization for Communication- efficient Split Federated Fine- tuning in Edge Intelligence submitted.
Å X. Qiang, Z. Chang and Y. C. Liang, TSFLora: Token- Compressed Split Fine- Tuning for Wireless Edge Networks, submitted.
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AI ᶡ҇transformer ῶᶼ⁴ᶙ֪ṴẩỈ ֪ῷ

FLỉ χ  +  ₃ẙ
SFLỉ χ  +  ₃ẙ + ▌∟

ᵍѲχ Ԅ￼⸗ề

ẻẪχ Token Ẑ֮

6GҠҧbit Ҽ ָ ѱҼ ẩ ᴩ

ѱ ᵷσבֿ ẂѭEncoder ‗ι
Ṅ҈זּ Ԅ ѭToken Ѳ

ѱ ᵷσבֿ Ẃѭdecoder ‗ιṄ
ὶᾠֹ￼Token Ѳ ▫ѭїק ֧
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SFL

ԒḲ4σҮז ײіַח ѱỖּרToken Ἤῡֹ

[1] X. Qiang, Z. Chang and G. Min, "Semantic-aware Token Selection and Resource Optimization for Communication-efficient Split Federated Fine-tuning in Edge Intelligence,ñ submit.

[2] X. Qiang, Z. Chang, L.Wang and Y. C. Liang, TSFLora: Token-Compressed Split Fine-Tuning forWirelessEdge Networks, submit.
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ҷצ ←ᾁᾊ֪ῷ ᾈỖ ֪ῷ їᵂҷצ ←ḽ₦Ӂ

TS-SFLora ẓᶍ ⁴ᶙ јҼ ấ εῑᾇὝ ⁴ᶙ ᾇ♆

Token Ἤ ꜝᴴ צ

їᵂ֪ṴẩỈ ꜝі ᵘ Ӡấ

їᵂ Ῠіҷצ ←ᾁᾊ ֘

їᵂҷצ ← ḽ₦

їᵂ ῨіToken ᾎᴩצ ם


